Eastern Illinois University

The Keep
Masters Theses

Student Theses & Publications

2015

Predictive Power of Aggregate Accounting Earnings
Growth for Growth of Future GDP
Meng Huang
Eastern Illinois University

This research is a product of the graduate program in Economics at Eastern Illinois University. Find out more
about the program.

Recommended Citation
Huang, Meng, "Predictive Power of Aggregate Accounting Earnings Growth for Growth of Future GDP" (2015). Masters Theses. 1717.
https://thekeep.eiu.edu/theses/1717

This is brought to you for free and open access by the Student Theses & Publications at The Keep. It has been accepted for inclusion in Masters Theses
by an authorized administrator of The Keep. For more information, please contact tabruns@eiu.edu.

The Graduate

School~

EA5TE~ ILLINOIS UNIVERSITY"

Thesis Maintenance and Reproduction Certificate
FOR:

Graduate Candidates Completing Theses in Partial Fulfillment of the Degree
Graduate Faculty Advisors Directing the Theses

RE:

Preservation, Reproduction, and Distribution of Thesis Research

Preserving, reproducing, and distributing thesis research is an important part of Booth Library's
responsibility to provide access to scholarship. In order to further this goal, Booth Library makes all
graduate theses completed as part of a degree program at Eastern Illinois University available for personal
study, research, and other not-for-profit educational purposes. Under 17 U.S.C. § 108, the library may
reproduce and distribute a copy without infringing on copyright; however, professional courtesy dictates
that permission be requested from the author before doing so.
Your signatures affirm the following:
• The graduate candidate is the author of this thesis.
• The graduate candidate retains the copyright and intellectual property rights associated with the
original research, creative activity, and intellectual or artistic content of the thesis.
• The graduate candidate certifies her/his compliance with federal copyright law (Title 17 of the U.
S. Code) and her/his right to authorize reproduction and distribution of all copyrighted materials
included in this thesis.
• The graduate candidate in consultation with the faculty advisor grants Booth Library the nonexclusive, perpetual right to make copies of the thesis freely and publicly available without
restriction, by means of any current or successive technology, including by not limited to
photocopying, microfilm, digitization, or internet.
• The graduate candidate acknowledges that by depositing her/his thesis with Booth Library,
her/his work is available for viewing by the public and may be borrowed through the library's
circulation and interlibrary loan departments, or accessed electronically.
• The graduate candidate waives the confidentiality provisions of the Family Educational Rights
and Privacy Act (FERPA) (20 U.S. C. § 1232g; 34 CFR Part 99) with respect to the contents of
the thesis and with respect to information concerning authorship of the thesis, including name and
status as a student at Eastern Illinois University.
I have conferred with my graduate faculty advisor. My signature below indicates that I have read and
agree with the above statements, and hereby give my permission to allow Booth Library to reproduce and
distribute my thesis. My adviser's signature indicates concurrence to reproduce and distribute the thesis.

Graduate Candid te Signature

Men~
Na Hua.nq
MA ia aonomiLS.

Printed

Graduate Degree Program

Please submit in duplicate.

PREDICTIVE POWER OF AGGREGATE ACCOUNTING
EARNINGS GROWTH FOR GROWTH OF FUTURE GDP
(TITLE)

BY

Meng Huang

THESIS
SUBMITTED IN PARTIAL FULFILLMENT OF THE REQUIREMENTS
FOR THE DEGREE OF

Master of Arts in Economics
IN THE GRADUATE SCHOOL, EASTERN ILLINOIS UNIVERSITY
CHARLESTON, ILLINOIS

2015
YEAR

I HEREBY RECOMMEND THAT THIS THESIS BE ACCEPTED AS FULFILLING
THIS PART OF THE GRADUATE DEGREE CITED ABOVE

?f '/' S'
THESIS COMMITTEE CH.A: R

DATE

-7-/6
DEPARTMENT/SCHOOL C
OR CHAIR'S DESIGNEE

DATE

THESIS COMMITTEE MEMBER

DATE

THESIS COMMITTEE MEMBER

DATE

WirDATE

-7-/-5
DATE

Copyright © 2015 by Meng Huang
All rights reserved

Predictive Power of Aggregate Accounting
Earnings Growth for Growth of Future GDP

Meng Huang
Eastern Illinois University - Economics
2015

Advisor: Dr. Mukti Upadhyay
Committee: Dr. W aresul Karim
Dr. Ali Moshtagh

Abstract

Konchitchki and Patatoukas (2014a) suggest that aggregate accounting earnings growth is
a significant leading indicator of future nominal Gross Domestic Product (GDP) growth
in the United Sates, and that earnings growth adds power to contemporaneous GDP
growth in predicting future GDP growth. The future GDP growth used in their model is
based on the third estimate of GDP for a given quarter, which is released by the U.S.
Bureau of Economic Analysis (BEA) three months after the end of the quarter. My study
is also centered on predictability of future GDP growth but it provides a useful extension
of the research ofKonchitchki and Patatoukas (2014a). My results confirm that aggregate
accounting earnings growth remains significant in predicting future GDP growth for one
and two quarters ahead conditional on the most recent estimate.
Motivated by the fact that more than 100 countries and jurisdictions are
implementing the International Financial Reporting Standards (IFRS) and that the United
States may switch to IFRS from the currently used U.S. Generally Accepted Accounting
Principles (GAAP), I compare the predictive contents of accounting earnings under IFRS
and U.S. GAAP over the one quarter ahead GDP growth. Consistent with my
expectations, I find that IFRS earnings do not have as strong predictive power as do U.S.
GAAP earnings.
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1. Introduction

Gross Domestic Product (GDP) is one of the most widely used measures of a country's
output, providing an almost complete picture of the state of the economy. Policymakers
and economists use GDP to judge whether the economy is in the stage of expansion or
recession, and whether a change in monetary policy or fiscal policy is warranted for
output stabilization. Therefore, a high quality prediction of future GDP growth is very
important.
GDP can be calculated by two methods: expenditure method and income method.
Under the income approach, corporate profit is an essential component in calculating
GDP. When using the income approach, the U.S. Bureau of Economic Analysis (BEA)
uses taxable income for the annual estimation (except for the most recent year) of the.
corporate profit component of GDP. Information on taxable income is provided by the
Internal Revenue Service (IRS), and is calculated based on cash flows. Accounting
earnings provide a better prediction of future cash flows than current cash flows can
(Dechow et al., 1998), and IRS provides taxable income data with a lag of two to three
years (BEA, 2014). Konchitchki and Patatoukas (2014a) argue that compared to the cash
based taxable income, the accrual based accounting earnings, which also provide more
timely data, can have a higher accuracy in predicting future corporate profits and thus
GDP growth. Consistent with their expectation, they find that aggregate accounting
earnings growth is a significant leading indicator of future nominal GDP growth in the
United Sates, based on the third estimate of GDP growth provided by the BEA. Another
significant contribution of their paper is the discovery that the current professional macro
forecasters do not fully incorporate the predictive content of these publicly available data
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in forecasting the GDP growth. They argue that because earnings growth is significantly
correlated with GDP growth forecasting errors, professional macro forecasters should
take into consideration the accounting earnings data, which is publicly available and
timely to forecast future GDP growth more accurately.
U.S. Generally Accepted Accounting Principles (GAAP) is the accounting
standards used by companies in the United Sates. International Financial Reporting
Standards (IFRS), on the other hand, is becoming the global accounting standards for the
financial statement preparation. IFRS can provide a higher consistency and comparability
of financial statements of companies from different countries. So far, more than 100
nations or jurisdictions require or permit the adoption of IFRS for the domestic
companies, and the United States eliminated the requirement to foreign registrants of
reconciling their financial statements with U.S. GAAP, as long as the foreign firms use
IFRS for the reporting purpose. The United Sates may switch to IFRS from U.S. GAAP
in the future. Following the Konchitchki and Patatoukas' (2014a) findings of the
predictive power of U.S. GAAP accounting earnings to GDP growth, I argue that it is
also important to prove whether the accounting earnings under IFRS can have the same
predictive power. If predictive content oflFRS based earnings is comparable or stronger,
the transition to IFRS will have become even more relevant to forecasting agencies.
Atwood et al. (2011) find that U.S. GAAP earnings outperform IFRS earnings in
forecasting future cash flows. One of the possible reasons accounting earnings provide
higher predictive power to GDP growth than taxable income does is that accounting
earnings outperform current cash flows in predicting future cash flows (Dechow et al.,
1998). I thus postulate that aggregate accounting earnings growth under IFRS does not
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have as strong a predictive content for future GDP growth as earnings growth under U.S.
GAAP does. The regression results of my study are consistent with my expectations.
This paper is a follow-up study ofKonchitchki and Patatoukas (2014a). The
objective is to extend their research to see whether their findings can hold under different
scenarios. I investigate the extent to which IFRS aggregate accounting earnings growth
predicts future GDP growth, and particularly whether its predictive content is as powerful
as that of the U.S. GAAP aggregate accounting earnings growth.
To provide more general and convincing information, first I replace BEA's third
estimate of GDP growth which is used by Konchitchki and Patatoukas with the most
recently available GDP growth data. I find consistent results that earnings growth is
significantly positively relat~d to GDP growth, and the predictive content of earnings
growth remains significant even after controlling for the contemporaneous GDP growth,
the SPF forecasts, and the three widely used financial predictors, for up to two quarters
ahead. But in this paper, I focus on the one quarter ahead GDP forecasting because AEG
is the most significant in predicting one quarter ahead GDP growth.
Second, as will be mentioned in Section 2.3, to make sure professional forecasters
have time to process available information in their GDP estimates, accounting earnings
included in my model are limited to from those firms that announce their financial reports
within 30 days after the fiscal quarter ends. These incomplete accounting earnings data
for quarter q imply that about 40% of the firms must be dropped from my sample. On the
other hand, based on the reporting date requirements, all the firms with their fiscal year
ending at the end of March, June, September and December can be included in my
sample if I use the prior quarter's accounting earnings data instead of the
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contemporaneous earnings. These earnings data for quarter q- l can give a more complete
accounting information, but they are reported with some delay violating timeliness in
forecasting. As a robustness test, I compare the predictive power of the two accounting
earnings toward one quarter ahead GDP, and find that timeliness is more important than
completeness in GDP forecasting, which in turn confirms one of the reasons why the
accounting earnings data should be used by the macro professionals responding to the
Survey of Professional Forecasters (SPF): because earnings provide timely information.
Third, Konchitchki and Patatoukas (2014a) use, in their robustness test, the yield
of 1 year Treasury bill and the spread between the interest rate on 10-year government
bonds and the 1-year Treasury bill yield. My paper finds that 3-month Treasury bill yield
.and the spread variable help to build a comparable model for a larger sample of firms for
longer time periods. The model using the 3-month Treasury bill rate, however, produces a
better fit for the sample with a smaller sample size. The relative accuracy of the
predictions provided by the two models is based on the values of their root mean squared
forecast error (RMSFE).
Finally, I horizontally compare the predictive power of earnings growth under
IFRS in the United Kingdom, Germany and France, and under U.S. GAAP in the United
States over BEA's most recent estimates of future GDP growth. Consistent with my
prediction, earnings under IFRS do not have as strong predictive power over GDP growth
as earnings under U.S. GAAP. Furthermore, earnings growth calculated under IFRS is
not significant in the quarterly GDP forecasting, while is only significant in the yearover-year quarterly GDP forecasting at the 10 percent level. These results are obtained
when data from UK, Germany and France are combined together in a panel data analysis.

4

This shows that the use of IFRS earnings growth in the GDP forecasting should be
applied with caution.
This study contributes to research in both accounting and economics by testing
and confirming the role of a new indicator in forecasting future GDP growth, and by
proving the importance of accounting data for the macroeconomics. Most importantly, I
expand on the findings originated by Konchitchki and Patatoukas (2014a) in testing the
predictive contents of aggregate accounting earnings growth under another accounting
standard (IFRS) in other countries. However, my results suggest that until further
research are conducted, Konchitchki and Patatoukas' findings should not be more widely
applied in other countries using IFRS, at least in the United Kingdom, Germany or
France. If the United States adopts the IFRS, the usefulness of the earnings in GDP
prediction will need further analysis.

2. Literature Review and the Practice of GDP Forecasting
2.1 Literature Review
GDP growth forecasting has always been a hot topic for macroeconomic researchers.
Barro (1996) finds that for a given starting level ofreal per capita GDP, initial schooling
and life expectancy, maintenance of the rule oflaw, and improvements in the terms of
trade are positively related with growth rate, while fertility, government consumption,
and inflation are negatively related with the growth rate. For given values of these and
other variables, a higher initial level of real per capita GDP can reduce the growth rate.
Mauro (1995) finds that corruption can lower investment and thereby lower economic
growth.
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Estrella and Mishkin (1996) use financial indicators, individual macro indicators,
and indexes of leading indicators to predict the out-of-sample economic performance.
They conclude that in the very short run, leading indicators and GDP are strong
predictors, with the significance declining within a year, whereas stock prices, changes in
monetary aggregates and yield curve spread perform well within the first year. In
addition, yield curve spread and stock prices are encouraging in the out-of-sample
performance forecasting. Feldstein and Stock (1994), however, find out that the
correlation between past monetary aggregates and nominal GDP is relatively weak. Ang
et al. (2006) document that the short rate has more predictive power than term spread,
also by out-of-sample GDP forecasts. Estrella and Hardouvelis (1991) find out that the
yield spread between 10 year bond and 3 month Treasury bill rate can predict future
growth in output, consumption and investment, and the probability of a recession.
However, few articles have explored the role of accounting information in
forecasting future economic condition until recently. In their pioneering study,
Konchitchki and Patatoukas (2014a) bring out a previously unknown leading indicator of
the U.S. economy: aggregate accounting earnings growth (AEG). They find that AEG has
significant predictive power over future GDP growth for at least four quarters ahead, and
this power is additional to that of contemporaneous GDP growth. They also confirm the
predictive content of some widely used predictors used by prior research, including
treasury yields, term spreads, and quarterly stock market returns (e.g., Fama, 1981;
Harvey, 1989; Ang et al., 2006). Yet, the informativeness of AEG substantially adds to
the predictive ability of those indicators for future GDP growth. This has been an
important omission in the macro professionals' forecast according to Konchitchki and
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Patatoukas. Konchitchki and Patatoukas (2014b) quickly followed with another paper in a
leading accounting journal to draw attention to the importance of aggregate accounting
profitability drivers in forecasting real GDP growth.
Konchitchki and Patatoukas' findings seem to be very important in improving the
accuracy of GDP growth forecasts, yet further improvements on their paper are feasible.
First, economic growth data estimate from the Survey of Professional Forecasters (SPF)
posted on the website of Federal Reserve Bank of Philadelphia were growth of GNP
instead of GDP before 1992. SPF started to estimate GDP growth only since 1992.
Konchitchki and Patatoukas' sample starts from 1988 but also uses the SPF estimates in
the sample. I think my result may be more persuasive if my sample data start from 1992
because SPF estimates are needed in my GDP growth forecasting model.
Second, growth data on the aggregate accounting earnings include only the
companies with financial statement available before the survey is sent to SPF, so this
sample cannot include all the companies in the economy. To estimate macroeconomic
data, it is indeed better if we can include more companies to make the sample more
representative.
Third, Konchitchki and Patatoukas (2014a) use the yield of 1 year treasury bills
and the spread between the 10-year bond rate and the 1-year yield. Yet, most of the
literature uses the 3 month rate instead of the 1 year rate for the spread to account for the
difference between the long-term and short-term rates. Examples of this choice of the
spread include Dreger and Wolters (2014), Estrella and Mishkin (1996), Estrella and
Mishkin (1998), and Hamilton and Kim ( 1999). Therefore, with an eye on the possibility
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of a better fit for the model, I also use the 3 month Treasury bill yield to measure the
spread variable.
Fourth, Konchitchki and Patatoukas show the superiority of earnings over BEA's
third estimates for future GDP. Even the third estimates are not really final, however,
since BEA makes annual and comprehensive adjustments to GDP after the third estimate.
One of the most important differences in the ways BEA produces successive estimates is
that BEA uses financial accounting information in its third estimates of the corporate
profits component of GDP, but in the annual revision of GDP, BEA uses taxable income,
which is cash based income and different from the financial income, to estimate corporate
profit.
Finally, Konchitchki and P~tatoukas only focus on the effects of accounting
earnings growth over GDP growth in U.S., with most earnings calculated based on U.S.
GAAP. As noted earlier, more than 100 countries and jurisdictions require IFRS for their
financial statement preparation and U.S. may also transfer its accounting standard to
IFRS in the near future. Thus, it is also important to know whether Konchitchki and
Patatoukas' significant finding would still work in the situation where accounting
earnings are calculated based on IFRS. My paper will fill in this gap by comparing the
predictive abilities ofIFRS and U.S. GAAP earnings growth over future GDP growth.
Work of this type can address the question whether professional macro forecasters should
take earnings growth into account for GDP growth forecasting in countries where
accounting earnings are already calculated according to IFRS, or in the United States
after its accounting standard is changed to IFRS.
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There are plenty of articles comparing IFRS and U.S. GAAP from different
perspectives, but most of them focus on the differences or relative usefulness in the
financial area at the firm level, such as the usefulness ofreconciliation ofIFRS with U.S.
GAAP base accounting, and earnings quality and earnings management under the two
standards. The Securities and Exchange Commission (SEC) and the International
Accounting Standards Board (IASB) have been working together about IFRS adoption
for a long time. In 2008, the requirement that all the foreign registrants must reconcile
their financial reports with U.S. GAAP was eliminated, as long as those foreign
registrants use IFRS for their reporting purpose. SEC issued a call for comments
regarding this proposal before it was implemented, and many researchers attempted to
find the impact of the reconciliation elimination. Chen and Khurana (2014), for example,
evaluate this impact directly and find out that shareholders value the information of
reconciliation to some extent, but the cost of preparing and auditing this information
generally outweigh the concern about the information loss.
Also, many researchers assess the quality ofIFRS compared with U.S. GAAP, but
most of them find no significant differences between the two standards. Jamal et al.
(2008) argue that both IFRS and U.S. GAAP provide useful information, but they do not
find evidence regarding which one provides a better financial statement. Meulen et al.
(2007) also find out that the qualities of U.S. GAAP prepared financial statements and
IFRS information are overall very comparable. Gordon et al. (2008) document that the
earnings attributes that are commonly used to measure the quality of financial reporting,
such as earnings persistence and accrual quality, are comparable under U.S. GAAP and
IFRS. Daske (2006) finds no significantly different costs of equity capital when IFRS or
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U.S. GAAP is adopted. Ashbaugh and Pincus (2001) and Emstberger et al. (2008) find
opposite results about the financial analyst forecast errors under U.S. GAAP versus IFRS.
Regarding the comparison of U.S. GAAP and IFRS, accounting researchers have found
significant differences in the predictive ability of U.S. GAAP and IFRS. For example,
U.S. GAAP earnings outperform IFRS earnings in forecasting future earnings and future
cash flows (Meulen et al., 2007; Atwood et al., 2011). My paper contributes to this
research area by bringing the IFRS and U.S. GAAP comparison to the macroeconomic
level.

2.2 BEA and Professional Forecasters
The Bureau of Economic Analysis (BEA) is a principal agency of the U.S. Federal
Statistical System, providing important economic statistics such as gross domestic
product of the United States. According to Bureau of Economic Analysis (2014), BEA
releases a set of three current quarterly estimates of GDP: advance estimates, second
estimates, and third estimates. Advance estimates are released before the end of the first
month after the reference quarter has ended, and second and third estimates are released
near the end of the second and third months, respectively. After the third estimates, BEA
also implements annual revisions and benchmark and comprehensive revisions.
Regarding the current quarters' and most recent year's estimation of the corporate profit
component, BEA uses quarterly financial report released by Census Bureau as a
reference. The Bureau sends out quarterly financial report survey to selected individual
companies based on their total assets, and releases the reports by the middle of the third
month or fourth month after the end of the reference quarter. For the annual estimation
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(except for the most recent year), BEA uses taxable income released by IRS, and the
audited preliminary and final taxable income are tabulated with a two- and three-year lag,
respectively.
For the macro professionals' forecasts of future GDP growth, BEA sends survey
questionnaires to the macro forecasters by the end of the first month after the reference
quarter ends, and the deadline for responses is in the middle of the second month after the
quarter ends (Federal Reserve Bank, 2014).

2.3 SEC requirements for Publicly Traded Companies Reporting
U.S. Securities and Exchange Commission (SEC) is an agency of the United States
federal government. SEC requires publicly traded companies to disclose quarterly reports
on Form 10-Q and annual reports on Form 10-K. Deadlines for 10-Q filings are 40 and
45 days after the fiscal quarter ends, and deadlines for 10-K filings are 60, 75 and 90 days
after the fiscal year ends, depending on the companies' filing status. Technically
speaking, macro forecasters are able to get the financial information from all the public
firms, but to be conservative, I only include in my sample accounting earnings from firms
reporting within 30 days after the calendar quarter has ended. Shortening the time
window in this way ensures that macro forecasters have enough time to get the
accounting earnings data before they respond to BEA.
The following example shows how BEA works to produce GDP estimates and how I
obtain data used in my model.
Taking QI :2010 (1/1/2010-3/31/2010) as the reference quarter for which GDP is
to be estimated, the timeline can be continued as follows:
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1. 4/30/2010: BEA releases advance estimates ofQl: 2010 GDP;

BEA sends survey questionnaires to macro forecasters for future GDP
forecasts;
Due date used in my paper that public firms release Form 10-Q with
accounting earnings data for Q 1: 2010;
Date used to obtain the monthly yield of 3-month Treasury bill, the
monthly spread between 10-year bond and 3-month treasury bill, and the 3-month
stock return;
2. 5/15/2010: macro forecasters send the surveys back to BEA, showing their forecasts
of future GDP for Q2: 2010 and thereafter;
3. 5/31/2010: BEA releases second estimates ofQl: 2010 GDP;
4. 6/15/2010-7/15/2010: Quarterly Financial Reports for Ql: 2010 are released;
5. 6/30/2010: BEA releases third estimates ofQl: 2010 GDP;
6. Current: BEA has most recent estimates of GDP after annual and comprehensive
rev1s10ns.
From this timeline, we can tell that before macro forecasters respond to BEA with
their future GDP estimates, they only have access to BEA's advance estimates oflast
quarter's GDP and the public firms' release of last quarter's accounting earnings.
Therefore, following Konchitchki and Patatoukas (2014a), I use aggregate accounting
earnings growth for quarter q, advance GDP estimates for quarter q, and the three
financial control variables available one month after quarter q ends, which can be
obtained by macro professional forecasters, to predict the third and most recent estimates
of future GDP growth in my models.
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Another critical term used in my research paper is "fiscal quarter". Fiscal quarter
is in response to fiscal year, which is used by companies for their annual financial
statement preparation. A calendar year starts from January and ends in December, but
fiscal year may not fall into the same calendar year. For example, a company may choose
its fiscal year from February to next January, and the first fiscal quarter in this case is
February to April. However, even in the cases that fiscal year is different from the
calendar year, the end of a fiscal quarter will still be the same as the end of a calendar
quarter. For example, for the firms with fiscal year from April to next March, the first
fiscal quarter covers April to June, which is the same as the second calendar quarter.

3. Methodology
3.1 Earnings Growth and Future GDP Growth in U.S.
I obtain real-time accounting data from the North American data set of Compustat
database. Following Konchitchki and Patatoukas (2014a), for each firm-quarter, I
measure accounting earnings (AE) as scaled quarterly income, and that is, scaled by sales
revenue. Earnings growth (AEG) is the year-over-year change in scaled quarterly income,
and AEG is measured as the absolute change in AE instead of the relative change in AE
to avoid the negative denominator problem. Then the time series of AEG is aggregated
based on calendar quarter, using value-weighted cross-sectional averages, and the weight
is based on assets at the end of each quarter. Income here is defined as income before
extraordinary items.
To be conservative that the macro forecasters can get the public accounting
earnings data before they submit their response to BEA, the firms included in each
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observation quarter are limited to those that release their quarterly financial statements
within 30 days after the reference quarter has ended. To rule out the outliers, I exclude
the firms with AE or AEG falling into the top one percentile and the bottom one
percentile for each observation quarter. Regarding the macro data, I obtain the BEA's
advance estimates of nominal GDP growth from the Real-Time Data Set for
Macroeconomists of the Federal Reserve Bank of Philadelphia and the most recent
nominal GDP growth from the Federal Reserve Bank of St. Louis. I also include the
mean value of SPF's forecasts of one quarter ahead of GDP growth as control variable,
which is obtained from the Federal Reserve Bank of Philadelphia. Yield of a three month
Treasury bill, spread of a ten year bond return minus the three month Treasury bill yield,
and the quarterly stock return are also included for a robust test. Table 1 shows the
summary statistics for all the variables.
Since my purpose is to test the impact of the forecast of quarterly accounting
earnings growth on the quarterly GDP growth, my sample includes only the firms with
fiscal quarter-end dates of March, June, September, and December. Accounting earnings
are aggregated based on calendar quarters. My sample covers the period from Q 1: 1992
to Q3: 2014. The sample starts in QI: 1992 because this is the first quarter when SPF
started to estimate GDP growth, while before 1992, GNP growth was estimated instead.
The sample ends in Q2: 2014 because this is the last quarter for which I can test GDP
growth forecasting data for one quarter ahead. The advance estimates of GDP growth is
unavailable for Q4: 1995 due to a government shutdown, and because differences
between first and second estimates of GDP are usually small, I use the second estimates
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to replace the advance estimates for this quarter. My sample therefore includes 90
quarters from the first quarter in 1992 to the second quarter in 2014.
The way BEA estimates corporate profits is to use the financial information
released by Census Bureau in the middle of the third month after the reference quarter,
which is between the second and the third estimates of GDP, so third estimates of GDP
has more financial earnings data available than the first estimates. Konchitchki and
Patatoukas (2014a) use the third estimates of GDP growth as the dependent variable and
find out AEG can predict the third estimates of GDP growth. However, the third
estimates are not final, and BEA also uses annual adjustment and benchmark and
comprehensive adjustments to get the most recent estimates of GDP. Also, this GDP data
is most widely available in all the countries, making it easier to do research for
comparison across countries, which is needed in my paper. In addition, since the third
estimates incorporate more of the selected firms' financial accounting earnings data, the
predictive power of accounting earnings growth over the third estimates of GDP growth
may be because of the inclusion of more complete earnings data, while BEA uses taxable
income, instead of financial accounting earnings, to estimates annual GDP, so whether
the financial accounting earnings can still predict the taxable income based GDP (used in
the most recent estimates after annual adjustment) should be tested separately. This is my
incentive to test the predictive power of aggregate accounting earnings growth over the
most recent estimates of future GDP growth.
This paper focuses on one quarter ahead GDP growth forecasting only because
accounting earnings growth has the highest predictive power over the one-quarter ahead
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forecasting (GDPl), both based on Konchitchki and Patatoukas's paper and on my
empirical results shown in Table 2. The model is built as follows:
GDPl =aO+al
SPREAD+

a6

* AEG+a2 * GDPA+a3 * SPFl +a4 * TB3M+a5 *

* NEGSP + a7 * RETURN+ e,

where GDPl represents the one-quarter-ahead quarterly GDP growth based on the most
recent available data, AEG is the year-over-year quarterly aggregate accounting earnings
growth and the aggregate earnings in every quarter includes only the firms with calendar
fiscal year-end and with announcement dates within 30 days after the referred quarter,
GDPA is the advanced estimate of contemporary GDP growth, SPFl is SPF's forecast of
one-quarter-ahead GDP growth, TB3M is the yield of a treasury bill with a constant
maturity of 3 months and it is the monthly yield measured at the end of the month
following the referred quarter, SPREAD is the spread between a 10 year government
bond rate and a 3 month treasury bill yield and it is also a monthly difference obtained at
the end of the month following the referred quarter (Angelini et al. 2011 finds out proof
to use monthly data to forecast quarterly GDP by evaluating different models), NEGSP is
a dummy variable recorded as one if spread is negative, and RETURN is the stock return
in the Dow Jone U.S. total stock market and it is a 3 month stock return leading to one
month after the referred quarter ends. Regarding SPREAD and NEGSP variables, the
joint significance of the two variables is what my discussion is based on.
Following Konchitchki and Patatoukas (2014a), this paper uses Newey-West test,
which is argued to be appropriate in dealing with the problem ofheteroskedasticity and
serial correlation of unknown form in the residuals (Newey and West, 1987). According
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to Greene (2011, p.920), the lag length is set to be 3 (N/\0.25, where N is the number of
observations).

3.2 Robustness Test
I raised a concern earlier regarding the timeliness and completeness of the firm-level
accounting data included in the aggregate accounting earnings in each quarter. In order to
include more firms in each quarter for a more complete earnings information, I use the
prior quarter earnings, in q-1, instead of timeliest earnings in quarter q to measure the
aggregate accounting earnings growth (AEG) variable. Then I compare the significance
of AEG (aggregate accounting earnings growth with the 30-day announcement date
restriction) and AEGALL (aggregate accounting earnings growth without the
announcement date restriction) in predicting the one-quarter-ahead GDP growth to
examine the issue of whether timeliness or completeness is more important. .
The other issue, as mentioned earlier and one that is important is that most of the
macro literature uses the 3-month Treasury bill to calculate spread, while some papers
use the 1-year Treasury bill. I let the data speak by comparing the root mean squared
forecast error (RMSFE) for the two models. One model uses the 3-month Treasury bill
yield and the spread, and the other one uses the I-year Treasury bill yield and the spread.
If the two models show similar results regarding the significance of specific variables and
in terms of the overall significance, I choose the one with the lower RMS FE for further
analysis. In addition, a shorter period from Q 1:2006 to Q2:2014 is used in the crosscountry comparison later in my paper. The two models with 3-month and 1-year Treasury
bill rates are also compared for the same period, for example by including 34 quarters for
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the U.S. The model for the U.S. and the model for the cross-country comparison use the
same variables.

3.3 Cross-country comparison
In this part, I compare the predictive ability of U.S. GAAP and IFRS earnings over the
future GDP growth based on the most recent estimates in the United States and three of
the largest European countries, including United Kingdom, Germany and France. This
part is only meant to test the general predictive ability of accounting earnings growth, not
from the SPF's point anymore, so the report date restriction is eliminated, and the current
quarter estimate is based on the most recent estimate of GDP (advance estimates of GDP
in Germany and France are not available. To make it comparable and reach a general
conclusion, U.S. and U.K. also use the most recent data as the current quarter GDP
growth used in the model).
I obtain the accounting and economic data for U.S.-listed firms in the same way
as described in 3 .1, but the earnings growth includes all the firms with calendar fiscal
quarters, and the periods covered are from Ql: 2006 to Q3: 2014, to be consistent with
the time periods used for the European countries for horizontal comparison. I collect the
quarterly accounting earnings data from the Global data set of Compustat database for the
European firms. United Kingdom, Germany and France are some of the countries that
ad~pted

the international accounting standard IFRS earliest, from the year 2005. The

reason my sample starts from the first quarter of 2006 is that this is the first quarter for
which I can test the earnings growth data based on IFRS standards.
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IFRS is a relatively new accounting standard, so IFRS earnings data are not
available for long time horizon. Therefore, I use panel data, including U.K., Germany and
France, to solve the small sample size problem.
According to Atwood et al. (2011) and Meulen et al. (2007), U.S. GAAP earnings
outperform IFRS earnings in forecasting future cash flows and future earnings. The most
recent estimates of the corporate profits component of GDP are adjusted according to the
cash based taxable income, and when taxable income is not available, accounting
earnings are used to estimate corporate profits. I postulate that earnings growth under
U.S. GAAP outperform that under IFRS in predicting future GDP growth.

4. Results

4.1 Earnings Growth and Future GDP Growth in U.S.
Table 2 Panel A reports the results from the regression models of future GDP growth.
Column 1 shows that when used alone in the regression, aggregate accounting earnings
growth is positively significantly related with one quarter ahead GDP growth at the 1
percent significance level. From column 2 to column 5, the most widely used predictors
for future GDP growth are added separately to the regression, and we can see that
accounting earnings growth (AEG) remains significant after the control variables are
included. In column 6, when all the control variables are included, AEG is still significant
at the 5 percent level. The coefficient of AEG is also significant in the economic sense. A
one point increase in accounting earnings growth is associated with a 0.023 to 0.042
percent increase in one quarter ahead GDP growth.
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The variable SPFl is the most significant predictor in both column 3 and column
6. Column 3 has only SPFl and AEG as explanatory variables but still produces the
highest F-statistics of all regression specifications. This result agrees with the argument
that SPF produces one of the most accurate GDP forecasts.
Table 2 Panel B shows the regression of two quarter ahead GDP growth on
accounting earnings growth and other control variables, and in the untabulated result,
AEG is not significant in the three quarter ahead GDP growth forecasting model. The
results indicate that AEG can only predict GDP growth for up to two quarters ahead, and
the predictability is not significant starting from three quarter GDP growth forecasting.
The one quarter ahead GDP growth forecasting is the most significant.

4.2 Robustness Test
4.2.1 Rationale for using incomplete accounting earnings growth data
Since this paper uses information to predict GDP growth from the SPF's point of view,
both current quarter accounting earnings information and current GDP growth
information are restricted to be those available when the surveys were sent to the
forecasters. As explained in the methodology section, my timeline construction for the
availability of accounting earnings eliminates all the firms with report dates beyond 30
days after the reference quarter, which drops around 40% of the firms from the sample.
To find out whether the representativeness or the timeliness is more important in
prediction, I run a robustness test using the aggregate accounting earnings growth in
quarter q-l to predict the GDP growth in quarter q+ l. Because SEC requires that all the
quarterly and annual financial reports must be released within 40 to 90 days after the
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reported quarter has ended, by the end of the month after quarter q, all the accounting
earnings information will be available. As a result, by including the q-1 earnings growth,
all the firms with the required fiscal year end of March, June, September and December
will be included. Table 3 shows the empirical results using the prior quarter aggregate
accounting earnings growth, including all the firms with calendar fiscal quarters
(AEGALL), to predict one quarter ahead GDP growth. The results show that the q-1
earnings growth is not significant in predicting q+ 1 GDP growth, except in column 4,
while only the four financial predictors are included as control variables and AEGALL is
barely significant at the 10 percent level, with a p-value of 0.094. As shown in Table 2
Panel A, the report date constrained AEG is both statistically and economically
significant in any of the 6 cases at the 1 or 5 percent level. Therefore, I conclude that the
timeliness of earnings growth is more important than completeness.
On the other hand, when BEA produces its third estimate of GDP growth, it bases
the corporate profit calculation on the Survey of Quarterly Financial Reports (QFR),
which are sent to selected companies depending on their total assets, include small,
medium, and large companies. As a result, although only around 60% of firms based on
total assets are included in my sample because of the restriction on the date of the
financial statement announcement, those accounting earnings can still be useful in future
GDP forecasting. Timeliness of information is more important. A high proportion of
assets being included in the sample is not necessary since BEA also makes its third
estimation of GDP growth on the basis of information from selected firms with both large
and small total assets.
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4.2.2 The Use of 3-Month Treasury Bill versus 1-Year Treasury Bill Rates
Table 4 shows the regression results of the two models with the 3-month rate (Panel A)
and the I-year rate (Panel B). The results indicate that the two models provide very
similar results regarding the coefficient values, the significance of each variable, and the
overall significance of the model. The two models produce almost the same RMSFE
values of 0.056 in both Panel A and Panel B. However, for the sample with a shorter
period from QI :2006 to Q2:20 I 4, Panel A results in a smaller RMSFE of O. I I 5
compared with O.I29 for Panel B. Overall, the 3-month rate and the spread provide a
better fit for the model. Since the spread using the 3-month rate is more widely used in
the literature, my paper also uses the 3-month rate instead of the I-year rate for further
analysis.

4.3 IFRS vs. U.S. GAAP Earnings Growth and Future GDP Growth Forecasting
Table 5 shows the regression of quarterly GDP growth in each country on the accounting
earnings growth, the current quarter GDP growth, the yield on three month Treasury bill,
the spread between ten year government bond rate and three month Treasury bill rate, a
dummy variable with the assigned value of 1 for negative spread, and the stock returns.
Columns I, 2 and 3 show the generalized regression result in the United States from
QI:I992 to Q2:20I4. The definition of AEGALL is different from what is defined in
section 4. I. The accounting earnings here include earnings from all the firms with fiscal
year-end of March, June, September, and December, including all the announcement
dates. GDPQ here is not the advanced estimate, but based on the most recently available
GDP data.
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One of the reasons the model here is generalized is that SPF forecast is not
available in U .K., Germany and France, so the accounting predictive abilities comparison
across countries is not from the stand point of SPF. Thus, all the restriction due to the
information availability to SPFs can be excluded. Also, because of my data limitation,
financial statement announcement date information is not available in the global
Compustat database. For the comparison purpose, US earnings also exclude the within30-day reporting restriction. Third, the advanced estimate of GDP information is not
available in Germany and France, so the contemporaneous GDP growth is based on the
widely available most recent estimates. Other control variables are defined in the same
way. Therefore, in this section, I only want to find out the general predictive power of
U.S. GAAP earnings and IFRS earnings.
Columns 1, 2 and 3 show the regression results for the United States from
QI: 1992 to Q4:2014. For robustness test, the control variables are added to the regression
separately. Columns 1 through 3 show that accounting earnings growth is significantly
related to the one quarter ahead GDP growth at the one or five percent significance
levels.
Since UK, Germany and France started to apply IFRS in 2005, 2006 is the earliest
time for the IFRS growth data. Therefore, to rule out the time specific effect, columns 4
through 8 show the regression results starting from QI :2006. Column 4 has the result for
the United States from Q1:2006 to Q2:2014. It shows that accounting earnings growth is
significant at the 1 percent level after some important variables are controlled for.
Columns 6, 7 and 8 represent the results for the United Kingdom, Germany and France,
respectively. Except for Germany, where AEG is just significant at the 10 percent level
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with a p-value of 0.095, AEG is not significant in either UK or France. Because of the
small sample size in each case, I use a panel data analysis by combining UK, Germany
and France, for which the result is presented in column 5. The random effect model
outperforms the fixed effect model based on the Hausman test. Now AEG is found to be
not significant at all.
As a robustness test, table 6 shows the regression of the year-over-year quarterly
GDP growth on the same variables used in table 5. AEG is significant at the 10 percent
level in the random effect panel data analysis, which outperforms fixed effect panel data
analysis based on the Hausman test. U.K., Germany and France data are included for the
panel data analysis. However, IFRS AEG is not as significant as the AEG used in U.S.,
which has a 5 or 10 percent significance in predicting year-over-year quarterly GDP
growth. Analyzing UK, Germany and France respectively, AEG is not significant in any
of the three countries. This result also brings out the significance of a large sample size.
This will require another project which I plan to undertake in future.
In sum, whether we compare the U.S. GAAP earnings with the IFRS earnings in
each country horizontally, or compare the two standards with comparable sample size,
the U.S. GAAP earnings is obviously more significant than IFRS earnings in predicting
future GDP growth. This outcome agrees with the results of the studies reviewed earlier
that U.S. GAAP earnings outperforms IFRS earnings in predictability.
Taken together, the findings in Tables 2-6 suggest that consistent with
Konchitchki and Patatoukas (2014a), aggregate accounting earnings growth is a
significant leading indicator for future GDP growth. This finding continues to be true
even after the most recent GDP growth is used as the dependent variable. Most
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importantly, I find that accounting earnings growth under IFRS does not predict future
GDP growth as well as that under US GAAP. As a result, I agree with Konchitchki and
Patatoukas' argument that the professional macro forecasters should use the publicly
available accounting earnings data for their estimates of future GDP growth, in order to
improve forecasting accuracy. However, this new indicator should not be applied to other
countries that do not use U.S. GAAP, at least not to the United Kingdom, Germany and
France. The new findings also suggest that if United States changes its accounting
standards to IFRS, whether aggregate accounting earnings growth should be used to
predict GDP growth will need further investigation before a conclusion can be reached.

5. Discussion
IFRS is a relatively new accounting standard, and European countries are some of the
earliest adopters of this international standard in 2005. Macroeconomic research usually
needs a longer time period to get a larger sample size and to include both good and bad
economic states to get a general conclusion. However, in my research of the IFRS
standard, only about 30 quarters can be included in my sample for each country, which
raises a sample size problem. To solve this problem, I use panel data analysis to get a
relatively larger sample size. On the other hand, the time period from 2006 to 2014
includes both recession and expansion in each country according to the OECD based
recession indicators provided by the Federal Reserve Bank of St. Louis website. I can
argue that this short period is relatively representative of the whole economic period.
Figure 1 shows the GDP growth graph for the four countries included in my paper.
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Second, since U.S. has not started IFRS yet, to compare the U.S. GAAP and IFRS
earnings, I need to compare them across countries. Then people may raise concerns that
the different predictive results of earnings may not because of the standard difference.
Thus, I use current quarter GDP growth for each country as control variable to rule out
some differences among different countries. I run many robustness tests for the crosscountry analysis, and the significances of the earnings coefficient are similar in all the
scenarios, which can prove to some extent that AEG may not be a good indicator in the
IFRS adoption countries. My conclusion can at least bring out the need for further
discussion regarding the usefulness of IFRS based earnings growth in GDP growth
forecasting.
Because of the database limitation so far, I cannot get the accounting information
for the United Kingdom before the year 2005. In the future, after I have access to a better
global database, such as Worldscope, I can do a better job in GAAP and IFRS earnings
comparison within UK to rule out the cross-country difference. In the United Kingdom,
U.K. GAAP was adopted before the year 2005, and IFRS was adopted from 2005.
According to Bae et al. (2008), U.K. GAAP is the closest accounting standard to U.S.
GAAP, with only three differences out of the twenty-one major accounting items. If I can
approve that within the United Kingdom, U.K. GAAP based earnings growth
outperforms IFRS based earnings growth in U.K. GDP forecasting, and U.K. GAAP is
similar to U.S. GAAP, then I can confirm my conclusion that U.S. GAAP outperforms
IFRS in GDP forecasting from a different perspective.
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6. Conclusion
This paper follows Konchitchki and Patatoukas (2014a) in testing whether aggregate
accounting earnings growth continues to be a leading predictor in future GDP growth
forecasting conditioned on BEA's most recent estimates of GDP growth. I find out that
after I adjust the time period problem and use more complete firms' accounting earnings
data for each observation quarter, aggregate accounting earnings growth (AEG) is still
significant in predicting future GDP growth for up to two quarters. Second, timeliness of
accounting earnings is more important than their completeness in future GDP forecasting.
Third, the models using 3-month Treasury bill or 1-year Treasury bill produce
comparable accuracy in forecasting GDP growth, except in a scenario with smaller
sample size. Lastly, by comparing the aggregate accounting earnings growth calculated
under IFRS and under U.S. GAAP, I discover that IFRS earnings do not have as strong
predictive power as U.S. GAAP earnings. My study contributes to both the accounting
and economics literature by extending Konchitchki and Patatoukas' study to confirm the
role of accounting earnings in the macroeconomic forecasting. My paper also sheds light
on the comparison of U.S. GAAP and IFRS at the macro level. Most importantly, I raise
a concern that AEG cannot be used in other countries using IFRS, at least in the United
Kingdom, Germany or France. In addition, if the United States changes its accounting
standards to IFRS, the usefulness of accounting earnings in GDP forecasting calls for
further study to confirm.
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Table 1. Descriptive Statistics
Panel A. Summary Statistics

Variable
GDPl
GDP2
AEG
AEGALL
GDPA
SPFl
SPF2
TB3M
SPREAD
NEGSP
RETURN
GDPl -SPFl
Er3M
ErS_eread

Obs
90
90
90
90
90
90
90
90
90
90
90
90
90
90

Mean
1.1231
1.1353
-0. 4819
0.1821
1.0957
1.0979
1.1570
2.8497
1.8287
0.0667
2.1940
0.0252
-0.0419
-0.0907

Std. Dev.
0.6763
0.6918
6.1393
9.6579
0.5350
0.3932
0.2732
2.1629
1.2010
0.2508
8.1425
0.6602
0.5025
0.5468

Min
-1.9747
-1.9747
-35.3574
-39.3829
-1.0283
-0.9643
-0.2117
0.0100
-0.6400
0.0000
-31.8434
-2.7384
-1.8500
-1.0900

Max
2.4654
2.5444
25.3545
45.8949
2.1819
1.6487
1.5339
6.3600
3.6800
1.0000
25.8830
1.3806
1.0100
1.4900

where GDP 1 is the quarterly GDP growth in quarter q+ 1; GDP2 is the quarterly GDP
growth in quarter q+2; AEG is the contemporaneous year-over-year quarterly accounting
earnings growth in quarter q, with both fiscal quarter and announcement date restrictions,
and it includes only the firms that report their financial statements within 30 days after
quarter q; AEGALL is the year-over-year quarterly accounting earnings growth in quarter
q- l, without the announcement data restriction, which includes all the firms with fiscal
quarters of March, June, September, and December; GDPA is the advance report of year
over year GDP growth for quarter q; SPFl is the census mean of SPF's estimates of
quarterly GDP growth for quarter q+ 1; SPF2 is the SPF' s estimates of quarterly GDP
growth for quarter q+2; TB3M is the yield for 3 month treasury bill obtained at the month
following quarter q; SPREAD is the difference between 10 year bond yield and 3 month
bill yield; NEGSP equals to 1 if spread is negative; RETURN is the 3 month stock return
leading to one month after quarter q ends; GDPl - SPFl is the SPF's estimate error for
one quarter ahead GDP growth forecasting; Er3M is SPF's estimate error for the
quarterly yield of treasury bill with 3 month constant maturity period; ErSpread is SPF' s
estimate error for the spread of the 10 year government bond rate minus the 3 month
treasury bill yield
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GD Pl
AEG
GDPA
SP Fl
TB3M
SPREAD
NEGAD
RETURN

1
0.3531
0.2858
0.3310
0.2419
-0.0829
-0.0408
0.2904

GD Pl
1
0.3654
0.2457
-0.0081
0.1241
0.0231
0.3624

AEG

Panel B. Pearson Correlation

1
0.7637
0.4024
-0.2383
0.1088
0.0389.

GDPA

1
0.4317
-0.3095
0.1773
-0.1510 .

SP Fl

1
-0.7120
0.3258
0.0391

TB3M

-0.4961
-0.0600

SPREAD

1
-0.0037

NEG SP

RETURN

1
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1
1.142***
(13.37)
0.039***
(3.13)

2
0.888***
(6.93)
0.032***
(2.97)
0.229***
(2.68)
0.447***
(3.67)

3
0.648***
(4.07)
0.032***
(3.32)

0.100***
(3.14)
0.033
(0.54)
-0.327*
(-1. 72)
0.015
(1.26)

4
0.784***
(3. 75)
0.032***
(3.59)

0.086***
(2.67)
0.035
(0.59)
-0.313
(-1.58)
0.016
(1.28)

5
0.664**
(2.54)
0.027**
(2.51)
0.134
(1.06)
6
0.267
(0. 79)
0.023**
(2.21)
-0.203
(-1.26)
0.680***
(2.70)
0.075**
(2.09)
0.056
(0.87)
-0.338*
(-1.67)
0.023
(1.64)

F-Statistic
9.82***
10.18***
14.19***
6.14***
6.69***
6.59***
N quarters
90
90
90
90
90
90
Figures in parentheses indicate t-statistics.
***,**and* indicate statistical significance at 1, 5 and 10 percent level, respectively, using two-tailed tests.
In column 4, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 3.30.
In column 5, spread and negsp are jointly significant at the 10 percent level, with F-statistics of 3.08.
In column 6, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 3.83.

RETURN

NEGSP

SPREAD

TB3M

SPFl

GDPA

AEG

GDPl
Intercept

Model: GDPl = aO +al* AEG + a2 * GDPA + a3 * SPFl + a4 * TB3M + a5 *SPREAD+ a6 * NEGSP + a7 *RETURN+ el

Table 2. AEG and Future GDP Growth
Panel A: One-Quarter Ahead GDP Growth forecasting (GDPl)
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=

1
1.153***
(13.15)
0.036***
(2.96)

2
0.988***
(7.47)
0.032**
(2.50)
0.149
(1.38)
0.407*
(1. 71)

3
0.680**
(2.22)
0.032***
(3.05)

0.074**
(2.23)
0.049
(0. 77)
-0.267
(-1.41)
0.016**
(2.47)

4
0.829***
(3.61)
0.028**
(2.40)

0.064
(1.66)
0.051
(0.81)
-0.255
(-1.28)
0.733***
(3.07)

5
0.733***
(3.07)
0.024*
(1.68)
0.108
(0.80)

0427
(1.19)
0.023*
(1.68)
-0.009
(-0.05)
0.427
(1.41)
0.049
(1.28)
0.041
(0.66)
-0.298
(-1.45)
0.019**
(2.55)

6

aO +al* AEG + a2 * GDPA + a3 * SPF2 + a4 * TB3M + a5 *SPREAD+ a6 * NEGSP + a7 *RETURN+ el

8. 75***
5.18***
5.20***
6.26***
F-Statistic
5.05***
5.00***
90
90
90
N guarters
90
90
90
Figures in parentheses indicate t-statistics.
** *, ** and * indicate statistical significance at 1, 5 and 10 percent level, respectively, using two-tailed tests.
In column 4, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 3.31.
In column 5, spread and negsp are jointly significant at the 10 percent level, with F-statistics of2.96.
In column 6, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 3.14.

RETURN

NEG SP

SPREAD

TB3M

SPF2

GDPA

AEG

GDP2
Intercept

Model: GDP2

Panel B: Two-Quarter Ahead GDP Growth forecasting (GDP2)

36

1
1.120***
(11.03)
0.014
(1.18)
0.779***
(4.68)
0.009
(1.01)
0.312***
(2.96)

2

0.512***
(3.19)

3
0.560***
(2. 71)
0.006
(0.63)

0.123***
(3.18)
0.086
(1.43)
-0.249
(-1.39)
0.025*
(1.96)

4
0.573**
(2.31)
0.018*
(1.69)

0.104**
(2.57)
0.079
(1.37)
-0.246
(-1.32)
0.024*
(1.91)

0.471 *
(1.95)
0.015
(1.46)
0.157
(1.43)

5
6
0.121
(0.4)
0.008
(0.91)
-0.120
(-0.84)
0.617**
(2.53)
0.085**
(2.02)
0.091
(1.48)
-0.272
(-1.41)
0.029**
(2.17)

6.10***
F-Statistic
1.38
5.21 ***
2.85**
3.52***
3.29***
90
N quarters
90
90
90
90
90
Figures in parentheses indicate t-statistics.
***, ** and * indicate statistical significance at l, 5 and 10 percent level, respectively, using two-tailed tests.
In column 4, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 4.54.
In column 5, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 4.09.
In column 6, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 4.09.

RETURN

NEGSP

SPREAD

TB3M

SPFl

GDPA

AEGALL

GD Pl
Intercept

Model: GDPI = aO +al * AEG + a2 * GDPA + a3 * SPFI + a4 * TB3M + a5 *SPREAD+ a6 * NEGSP + a7 *RETURN+ el

Table 3. AEGALL and Future GDP Growth
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Table 4. Use of 3-Month Treasury bill vs.1-Year Treasury Bill
06Ql-14Q2
1.155**

PanelB
Intercept
92Ql-14Q2
0.243

06Ql-14Q2
0.902**

aO +al * AEG + a2 * GDPA + a3 * SPFI + a4 * TB3M + a5 * SPREAD3M + a6 * NEGSP3M + a7 *RETURN+ el
aO +al * AEG + a2 * GDPA + a.3 * SPFI + a4 *TB l Y + a5 * SPREAD I Y + a6 * NEGSPI Y + a7 *RETURN+ el

92Ql-14Q2
0.267

=
=

(2.37)
(0. 79)
(0.62)
(2.23)
0.014***
0.022**
0.013**
0.023**
AEG/AEGALL
AEG/AEGALL
(2.80)
(2.05)
(2.64)
(2.21)
0.187*
GDPA/GDPQ
-0.218
0.222*
-0.203
GDPA/GDPQ
(1.
73)
(-1.31)
(1.92)
(-1.26)
0.712***
0.680***
SP Fl
SP Fl
(2.76)
(2. 70)
-0.180
-0.197
TBlY
0.073**
0.075**
TB3M
(-1.46)
(2.04)
(-1.57)
(2.09)
-0.217
0.056
SPREAD3M
SPREAD1Y
0.060
-0.117
(0.87)
(-1.09)
(0. 71)
(-0.69)
-0.338*
0.685**
NEGSP3M
NEGSPlY
-0.329
0.851 **
(-1.67)
(2.41)
(-1.64)
(2.29)
0.023
0.009
RETURN
RETURN
0.024
0.008
(1.64)
(0.80)
(1.65)
(0.69)
6.59***
5.08***
6. 75***
F-Statistic
F-Statistic
5.66***
90
34
N quarters
N quarters
90
34
0.056
0.115
RMS FE
RMS FE
0.056
0.129
Figures in parentheses indicate t-statistics. ***,**and* indicate statistical significance at l, 5 and 10 percent level.
In Panel A 92Ql-14Q2, spread3M and negsp3M are jointly significant at the 5 percent level, with F-statistics of 3.83.
In Panel A 06Ql-14Q2, spread3M and negsp3M are jointly significant at the 5 percent level, with F-statistics of 3.42.
In Panel B 92Ql-14Q2, spreadl Y and negspl Y are jointly significant at the 5 percent level, with F-statistics of 4.28.
In Panel B 06Q 1-14Q2, spread 1Y and negsp 1Y are jointly significant at the 5 percent level, with F-statistics of 2. 78.

Panel A
Intercept

Panel A Model: GDPI
Panel B Model: GDPI
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0.116***
(3.20)
0.058
(0.94)
-0.300
(-1.55)
0.018*
(1. 76)

2
0.664***
(2.99)
0.017*
(1.89)

3
0.499**
(2.27)
0.012**
(2.42)
0.279**
(2.42)
0.075**
(2.52)
0.042
(0.83)
-0.199
(-1.09)
0.013
(1.58)

4
. 1.155**
(2.37)
0.014***
(2.80)
0.187*
(1. 73)
-0.197
(-1.57)
-0.217
. (-1.09)
0.685**
(2.41)
0.009
(0.80)

us 06Ql-14Q2

UK+Germany
+France
UK
5
6
-0.105
0.534
(-0.27)
(0.87)
0.007
0.009
(1.09)
(0.74)
0.250**
0.044
(2.27)
(0.14)
0.034
0.085
(0.34)
(0. 75)
0.487
0.068
(1.24)
(0.34)
0.247
-0.469
(0.66)
(-0.69)
0.030***
0.053**
(3.05)
(2.58)
7
-0.429
(-0. 78)
0.028*
(1. 74)
0.042
(0.17)
0.082
(0.55)
0.347
(1.5)
0.431
(0.52)
0.041 *
(1. 76)

German~

Flclti25.69***
2.98**
4.60***
5.08***
41.85***
5. 74*** 13.97***
statistics
90
97
90
90
34
34
N Quarters
31
Figures in parentheses indicate t-statistics in columns 1 through 4 and 6 through 8, and z-statistics in column 5.
***,**and* indicate statistical significance at 1, 5 and 10 percent level, respectively, using two-tailed tests.
In column 2, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 3. 73.
In column 4, spread and negsp are jointly significant at the 5 percent level, with F-statistics of 3.42.

RETURN

NEGSP

SPREAD

TB3M

GDPQ

AEGALL

Intercept

1
0.665***
(3.68)
0.011 *
(1.89)
0.402***
(3.26)

us 92Ql-14Q2

2.07
32

39

France
8
-0.419
(-1.13)
0.004
(0.68)
0.343**
(2.49)
0.062
(0.68)
0.214
(1.65)
omitted
omitted
0.013
(1.34)

Table 5. U.S. GAAP vs. IFRS: Cross-Country Comparison - Quarterly GDP Growth Forecasting

3
0.019
(0.18)
0.006*
(1.84)
0.867***
(10.95)
0.018
(1.25)
0.037
(1.63)
-0.043
(-0.63)
0.005*
(1.83)

4
0.331
(1.44)
0.009**
(2.32)
0.732***
(6.30)
-0.053
(-1.24)
-0.059
(-0. 73)
0.182
(1.68)
0.003
(0.90)

us 06Ql-14Q2

UK+Germany
+France
UK
5
6
-0.255*
-0.059
(0.23)
(-1.84)
0.004*
0.006
(1.23)
(1. 75)
0.784***
0.867***
(17.34)
(5.28)
0.042
0.030
(0.88)
(0.97)
0.14***
0.093
(2. 71)
(1.10)
-0.055
0.139
(I.JO)
(-0.30)
0.014***
0.022**
(4.53)
(2.52)
Germani
7
-0.305
(-1.06)
0.011
(1.63)
0.801 ***
(7.11)
0.037
(0.57)
0.156
(1.31)
0.305
(1.66)
0.013*
(1.92)

F/clti277.98*** 4.62**
43.42***
25.12***
504.25***
62.29*** 33.34***
statistics
34
90
34
97
31
90
90
N Quarters
Figures in parentheses indicate t-statistics in columns 1 through 4 and 6 through 8, and z-statistics in column 5.
** *, ** and * indicate statistical significance at 1, 5 and 10 percent level, respectively, using two-tailed tests.
In column 2, spread and negsp are jointly significant at the 1 percent level, with F-statistics of 7.84.
In column 3, spread and negsp are jointly significant at the 10 percent level, with F-statistics of2.74.
In column 5, spread and negsp are jointly significant at the 5 percent level, with chi2-statistics of 8.13.

RETURN

NEG SP

SPREAD

TB3M

GDPY

AEGALL

Intercept

1
2
0.706***
0.128
(3.88)
(1.24)
0.007**
0.021*
(2.01)
(1.84)
0.881 ***
(11.41)
0.140***
(4.30)
0.016
(0.23)
-0.304**
(-2.05)
0.005
(0.66)

us 92Ql-14Q2

40

33.23***
32

France
8
-0.357
(-1.53)
0.001
(0. 77)
0.909***
(10.35)
0.049
(0.95)
0.147
(1.61)
omitted
omitted
0.008**
(2.56)

Table 6. U.S. GAAP vs. IFRS: Cross-Country Comparison - Year-over-Year GDP Growth Forecasting

